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This version of SEEM, ECOSEEM, describes screening-level estimates of U J Of the tested predictors, National Production Volume is most likely to describe median observed
average concentrations of organic chemicals (and their likelihoods) in surface s ™\ water concentrations. When regressing on physchem properties, all coefficients include 0.

Subset with enough
detects (uncensored
values) to develop a
potential above 80%

\_ acceptance: 225 ) FUtu re WOI’k

Exposure predictors & chemical-specific information

water, based on openly-available fate and transport models and chemical data
evaluated against monitoring data. Extending that relationship to other
chemicals can serve as a possible data stream for chemical prioritization.
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A model may not be equally correlated to the data across chemicals.
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Representation of Bayes theorem.
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